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Figure.l “Berlioz’s figure” for quadruple trajectory
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Fig.2 Typical trajectory for quadruple meter from 19 century
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Fig. 6 From x-y plane projection to 8-¢-r angular dynamics
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Fig. 7 Extraction of corporeal motion data from 2-D motion picture data
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A. Sampling Rate 30Hz
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Fig.8-a. A sample of estimated 6 values. b. A sample of estimated @ values.
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c. A sample of estimated 6 values.
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Fig.9-a. A sample of estimated 6 spectra. b. A sample of estimated  spectra.
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Fig.11-a. A sample of estimated 3 D- 6 values. b. A sample of estimated 3D § values.

elbow joint angle 2nd derivative
15 —— a303D
a 302D
10 C

05

@ 00
4

g-05
3

=1l

-15

20 i

i

100

0 20 40 60 80
frame

c. A sample of estimated 3D- § values.
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Fig.12-a. 3 D- 6 values of different level conductors. b. 3D 6 values of them.
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c. 3D- 6 values of top: beginner middle: student bottom professor conductors respectively
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Fig.14 3D Motion data estimation of P. Boulez’s conducting
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Higher order perturbation

Fig.19 Main orbital motion and higher order perturbation
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